Two possible definitions of fixed points in the self-similar analysis of time series are considered. One definition is based on the minimaldifference condition and another, on a simple averaging. From studying stock market time series, one may conclude that these two definitions are practically equivalent. A forecast is made for the stock market indices for the end of March 1998.
Time series analysis and forecasting have a long history and abundant literature, to mention just a few Refs. [1] [2] [3] . When analysing time series, one usually aims at constructing a particular model that could represent the available historical data and, after such a model is constructed, one could use it for predicting future. This kind of approach has been found rather reasonable for describing sufficiently smooth evolution, but it fails in treating large fluctuations, like those happenning in stock markets. This failure is caused by quite irregular evolution of markets whose calm development is often interrupted by sudden strong deviations producing booms and crushes. Such deviations are not regular cyclic oscillations but rather are chaotic events, alike heterophase fluctuations in statistical systems [4] . Similarly to the latter, strong market fluctuations are also of coherent nature, having their origin in the collective nonlinear interactions of many trading agents. The coherent collective behaviour of traders is often termed the crowd or herd behaviour [5] [6] [7] . Strong nonlinearity and nonequilibrium of stock markets make them one of the most complex systems existing in nature, comparable with human brain.
A novel approach to analysing and forecasting time series has been recently suggested [8, 9] . Being based on the self-similar approximation theory [10] [11] [12] [13] [14] [15] [16] [17] , this technique can be called the self-similar analysis of time series. In this approach, instead of trying to construct a particular model imitating the dynamical system generating time series, we assume that the evolution of the system is self-similar. This is almost the same as to say that the dynamics of the considered system is governed by some laws. Since the observed time series data are the product of a self-similar evolution, the information on some kind of self-similarity is to be hidden in these data. The role of the self-similar analysis is to extract this hidden information.
We applied the self-similar analysis to stock market time series in Refs. [8, 9] , where we used two definitions of fixed points resulting in two possible forecasts, f * n (n + 1) and − f n (n + 1). Here and in what follows we use the notation of Ref. [9] . The aim of the present letter is to pay a special attention to comparing these two ways of defining fixed points. We consider stock market indices for the cases when the answer is known and also make predictions for the end of March 1998. 
